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Evaluation

In a nutshell... View aggregation methods
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FVs are generated with 512 Gaussians

View aggregation

Results of the view aggregation on one video sequence
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* The frames are visually similar within a cluster for POSE and SIM
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* With 512 Gaussians, 71+% mAP target achieved for:
— K =4 for POSE and SIM

— K =40 for INDEP (10X compression)
— K =16 for TEMP (4X compression).



